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Abstract. This article presents a study aiming to determine how artificial intelligence (Al) can be integrated
into knowledge management (KM) processes in business organizations — from knowledge creation, storage,
and dissemination to its use, while addressing practical challenges and problems related to the implementation
of Al The study is based on a qualitative research approach, involving semi-structured interviews with 13
experts with professional experience in AL, KM, and digital transformation. The interview data were analyzed
by using content analysis in order to reveal the specifics of Al applications across different KM processes and
the organizational conditions that shape them. The results of the study revealed that Al can be applied across
various KM processes, including knowledge creation, storage, search, sharing, and application, creating oppor-
tunities for more efficient information processing, knowledge structuring and generalization, idea generation,
access to organizational knowledge, and decision support. It has been found that the outcomes of Al integration
depend on the organization’s technological and organizational readiness, employee competencies, data quality,
organizational culture, and appropriate governance mechanisms. The study also highlighted challenges related
to data privacy and security, the reliability of Al-generated information, algorithmic bias, transparency, and
employee competencies. The study complements research on the interaction between knowledge management
and Al by providing empirical insights into the possibilities and constraints of integrating Al into everyday
HR processes in Lithuanian business organizations.

Keywords: knowledge; knowledge management; artificial intelligence; business organizations; Al integration;
knowledge management processes.

Dirbtinio intelekto integracija j Ziniy valdyma: Lietuvos verslo organizacijy atvejis

Santrauka. Siame straipsnyje pristatomas tyrimas, kuriuo siekta nustatyti, kaip dirbtinis intelektas (DI) gali
bati integruotas j ziniy valdymo (ZV) procesus verslo organizacijose — nuo ziniy kiirimo, saugojimo ir sklai-
dos iki jy naudojimo, kartu sprendziant praktinius i$Stkius ir problemas, susijusias su DI diegimu. Tyrimas
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grindziamas kokybiniu tyrimo poziiiriu — atlikti pusiau struktfiruoti interviu su 13 eksperty, turin¢iy profesinés
patirties DI, ZV ir skaitmeninés transformacijos srityse. Interviu duomenys analizuoti taikant turinio analize,
siekiant atskleisti DI taikymo skirtinguose ZV procesuose ypatumus ir juos lemian¢ias organizacines saly-
gas. Tyrimo rezultatai atskleidé, kad DI gali biti taikomas jvairiuose ZV procesuose, jskaitant Ziniy kiirima,
saugojima, paieska, dalijimasi ir taikyma, t. y. DI gali sudaryti galimybes efektyviau apdoroti informacija,
struktiiruoti ir apibendrinti Zinias, generuoti idéjas, palengvinti prieigg prie organizaciniy ziniy ir palaikyti
sprendimy priémima. Nustatyta, kad DI integravimo rezultatai priklauso nuo organizacijos technologinio ir
organizacinio pasirengimo, darbuotojy kompetencijy, duomeny kokybés, organizacinés kultiiros ir tinkamy
valdymo mechanizmy. Tyrimas taip pat iSry$kino duomeny privatumo ir saugumo, DI generuojamos informa-
cijos patikimumo, algoritminio SaliSkumo, skaidrumo ir darbuotojy kompetencijy isstkius. Tyrimas papildo
ziniy valdymo ir DI saveikos tyrimus, pateikdamas empiriniy jzvalgy apie DI integravimo j kasdienius ZV
procesus Lietuvos verslo organizacijose galimybes ir ribojancias salygas.

Pagrindiniai ZodZiai: zinios; ziniy valdymas; dirbtinis intelektas; verslo organizacijos; dirbtinio intelekto
integracija; ziniy valdymo procesai

Introduction

In the context of modern organizations, Artificial Intelligence (Al) is becoming a trans-
formative technology (Khadivar et al., 2025; Aldoseri et al., 2024; Taherdoost & Madan-
chian, 2023; Fiiller et al., 2022) that can process large datasets, generate insights from
unstructured data, and automate repetitive tasks (de la Torre-Lopez et al., 2023). If Al
tools are effectively integrated into business and society, they could stimulate a significant
global GDP growth and enhance labor productivity (Taylor, 2023).

Al enables organizations to enhance Knowledge Management (KM) processes by re-
ducing inefficiencies, accelerating knowledge dissemination, and improving employees’
access to knowledge. As organizations implement remote or hybrid work arrangements,
the need for reliable, Al-powered KM systems becomes even more pronounced, ensuring
that employees can effectively access and utilize knowledge regardless of their location or
time zone (Taherdoost & Madanchian, 2023). It has been recognized that knowledge is a
dynamic resource that can be continuously created and improved, and Al technologies can
help identify new patterns, trends, and opportunities for innovation (Haefner et al., 2021).
In an environment of rapidly evolving technologies, speed and focus on the competitive
environment are gaining more importance than ever before.

Despite Al’s potential, organizations often lack a clear understanding of how to stra-
tegically leverage it to create business value (Cui, 2025; Nveke & Adalusi, 2025; Borges
et al., 2021; Chatterjee et al., 2020). Business competitiveness increasingly depends on
effective KM, and if Al can optimize these processes, it can significantly improve orga-
nizational performance (Taherdoost & Madanchian, 2023). Al technologies are evolving
rapidly, but organizations often face numerous challenges regarding their applicability,
implementation conditions, and business value creation (Enholm et al., 2022; Mikalef &
Gupta, 2021). Therefore, it is essential to explore how Al can be effectively integrated
into the full spectrum of KM processes in business organizations, from knowledge cre-
ation, storage, and dissemination to its utilization, while addressing the challenges and
problems associated with implementing Al. Previous studies have focused more on the
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mediating role of Al processes in the effective use of Al (Leoni et al., 2022), the general
application of Al in business (Canhot & Clear, 2020; Paschen et al., 2019), the synergy
between employees and Al applications (Sowa et al., 2021), and Al has also been pre-
sented as one of the technologies of the fourth industrial revolution that exerts an impact
on the transformation of traditional business models and Al strategies (Kolyasnikov &
Kelchevskaya, 2020). Although Al is considered a transformative technology that can
change the KM processes of business organizations (Majumder & Dey, 2022), there is
a lack of research on how to effectively integrate Al into daily knowledge management
processes (Storey, 2025), and the failure to identify and manage potential risks delays
the implementation of these technologies, thereby preventing them from fulfilling their
full potential (Vining et al., 2022; Canhoto & Clear, 2020). These processes raise many
questions about the ethics of Al use, Al-human interaction, and related issues (Rezaei et
al., 2025; Bankins, 2021).

Although Al is getting increasingly integrated into organizational knowledge mana-
gement, it remains unclear how Al affects the processes through which organizational
knowledge is created, shared, transformed, and retained. In particular, existing research
provides limited empirical evidence on how Al-mediated practices relate to the interaction
between tacit and explicit knowledge, and how human and Al capabilities are combined
across different KM processes. This gap is particularly evident in the Lithuanian busi-
ness context, where empirical qualitative research that links Al-enabled KM practices to
established knowledge management frameworks remains scarce. Therefore, the research
problem concerns the way(s) how artificial intelligence changes organizational knowledge
management processes in business organizations, with the aim of identifying the roles of
human and artificial intelligence in these processes, as well as the organizational conditions
that influence the effectiveness and risks of such collaboration.

The methods applied in the present research include scientific literature analysis, synt-
hesis, comparison, generalization, and inductive qualitative content analysis, which are
cumulatively applied to analyze the expert interviews. The study reveals how to bridge
the gap between explicit and tacit knowledge, while adding more value to KM processes.
As organizations increasingly rely on knowledge as a key competitive asset, effective
integration of Al into KM can improve decision-making, innovation, and operational
efficiency. It is worth noting that Lithuania is often regarded internationally as a highly
digitized country, denoted by rapid adoption of Al and technological initiatives in business,
while also creating a unique environment for research and academic discussions on how to
effectively address the challenges of applying Al to KM in business organizations. Existing
Lithuanian research has examined KM practices and digital transformation, but there is
still insufficient empirical understanding of how contemporary Al technologies are inte-
grated into everyday KM processes, and how this integration affects knowledge creation,
sharing, storage, retrieval, and application. This study addresses this gap by providing
qualitative evidence from expert perspectives within Lithuanian business organizations.
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Literature Review

Knowledge is defined as well-founded beliefs held by individuals and an organization as a
whole (Nonaka, 1994). The use of knowledge creates value in solving problems, forming,
evaluating, making, and implementing decisions (Raudelitinien¢ & Racinskaja, 2014). Itis
noted that knowledge is an intangible asset whose acquisition involves complex cognitive
processes of perception, learning, and communication, significantly influenced by both
individual and collective experiences (Epetimehin & Ekundayo, 2011). Knowledge is
transferable, and it can be accumulated, adapted, and specialized, thus making it useful
throughout the organization (Dalkir, 2013). In organizations, knowledge is embedded not
only in documents or repositories, but also in organizational routines, processes, practices,
established norms, and culture.

The process of generating, disseminating, using, and managing an organization’s infor-
mation and knowledge is known as knowledge management (Taherdoost & Madanchian,
2023). KM is the planning, organization, and control of people, processes, and systems
within an organization with an intent to ensure that knowledge assets are developed and
used effectively (King, 2009). In other words, it is a system for managing an organization’s
strategy, structures, and processes, enabling it to leverage its knowledge, learn, and create
economic and social value for its customers and society while ensuring long-term business
success. People face emerging knowledge needs integral to their daily tasks or routines,
and these needs must be met through tools, processes, systems, and protocols that integrate
and apply relevant knowledge. According to O. Omotayo (2015), in order to effectively
manage knowledge, attention must be paid to four main components: knowledge, people,
processes, and technologies. K. Dalkir (2013) noted that KM can facilitate the recruitment
of new employees, reduce the loss of organizational memory due to employee departure,
identify the most important resources so that the organization knows what and why it is
doing, and create a methodology to stop the potential loss of intellectual capital. W. King
(2009) stated that the significance of KM processes is directly related to the improvement
of organizational processes, such as innovation, collaborative decision-making, individual
and collective learning — all of which help to improve the management of organizational
behavior, products, services, and relationships.

Knowledge is generally divided into two types: tacit and explicit knowledge (King,
2009; Alavi & Leidner, 2001), which possess unique characteristics and play a crucial role
in the daily operations of business organizations. Tacit knowledge encompasses skills,
insights, and intuition that individuals acquire over time and are often difficult to articulate
because they are deeply rooted in personal experience and social interaction. R. Borges et
al. (2019) identified that strong social ties are crucial for sharing tacit knowledge. Unlike
explicit knowledge, tacit knowledge is often shared informally, through collaboration or
observation. M. Addis (2016) stated that development and usage of tacit knowledge can
lead to greater operational efficiency at all levels of the organization, while R. Muthuveloo
et al. (2017) added that the use of tacit knowledge in an organization can contribute to
better organizational performance, which can lead to a higher return on investment. For
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tacit knowledge to be more widely utilized, it must be conveyed and transformed into
explicit knowledge.

Explicit knowledge is objective, formalized, codified, and easily documented, ma-
king it more accessible. It supports the technological and managerial procedures of an
organization that requires a structured, standardized knowledge format (Muthuveloo et
al., 2017). The transmission of knowledge in a clear, fixed format reduces the possibi-
lity of misinterpretation and thus ensures its more effective use. Due to the structured
nature of this knowledge, it is well-suited for storage in KM systems, which allow or-
ganizations to effectively store, organize, and search for the necessary knowledge, and
which make it easy to transfer from one system to another. Explicit knowledge is readily
accessible and crucial to an organization’s activities, as it can be reused, leading to more
efficient work and reduced time spent on routine tasks. KM processes in organizations
turn knowledge into valuable resources. Some works examine only one, subjectively
most important KM process — that of knowledge sharing (Yi, 2009; Yang, 2007), while
others provide more detailed lists of knowledge processes, such as creation, storage,
and retrieval, transfer, and application (Alavi et al., 2024). By leveraging both expli-
cit and implicit knowledge, organizations can create a dynamic, adaptive system that
continuously learns and uses its intellectual assets to achieve a sustainable competitive
advantage and long-term success.

One of the most significant perspectives on this process is the SECI model, proposed
by I. Nonaka and H. Takeuchi (1995), which explains the creation of organizational
knowledge as a continuous process of conversion between tacit and explicit knowledge.
The model consists of four interrelated stages: socialization, when tacit knowledge is
shared through experience and interpersonal interaction; externalization, when tacit
knowledge is expressed and formalized; combination, when different types of expressed
knowledge are integrated and systematized; and internalization, when expressed know-
ledge is internalized and becomes part of the practices of employees and the organization.
Thus, the SECI model treats knowledge creation as a cyclical and continuous process,
during which, individual knowledge is transformed into organizational resources and
is again used to create new knowledge (Nonaka & Takeuchi, 1995; Nonaka, Toyama,
& Konno, 2000). Rather than constituting a new mode of knowledge conversion, Al
may be understood as an enabling infrastructure that transforms the conditions under
which SECI processes occur. Its contribution, therefore, lies in augmenting human
capabilities to articulate, combine, disseminate, and internalize knowledge, while raising
new questions about the role of human experience and tacit knowledge in Al-mediated
knowledge creation.

In the era of the Fourth Industrial Revolution, Al technologies are expected to drive
business automation, enhance employee productivity, and reduce operational costs (Ja-
vaid et al., 2022). It is planned that all this will be achieved through cooperation between
machines and people. Al is defined as a set of technological components that collect,
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process, and act on data in ways that mimic human intelligence (Canhoto & Clear, 2020).
An important aspect of this definition is the technological components, indicating that Al
is closely related to information technology. M. Haenlein and A. Kaplan (2019) defined
Al as the ability of a system to rationally interpret data, learn from the data, and flexibly
adapt their use to achieve specific goals and tasks. The most important aspect of this defi-
nition is rationality, namely, this approach to Al demonstrates that Al acts in a manner that
achieves the best result or, in the presence of uncertainty, the best expected result (Paschen
etal., 2019). Although there are many applications of Al, all Al systems can be explained
by using a common model of input, process, and output: Al information systems request
data from the environment (input), process this data in value-creating ways (processes),
and transmit information (output) back to the environment (Canhoto & Clear, 2020;
Paschen et al., 2019). Al is an umbrella term encompassing a variety of computational
algorithms capable of performing tasks that typically require human intelligence, such
as understanding human language, making decisions, and learning from experience. Its
development has been driven by several key technologies, including machine learning,
which encompasses natural language processing and computer vision, as well as deep
learning and generative models (Balasubramanian et al., 2022).

Despite the abundance of Al technologies, most Al researchers and practitioners are
focusing on breakthroughs in generative Al. This technology can generate original text,
images, programming codes, videos, and audio recordings based on a user’s request (Banh
& Strobel, 2023). Driven by advances in Al learning methods, generative Al models are
trained to understand complex data distributions, enabling them to produce results that
closely resemble human-generated outputs. Unlike previous applications of Al, which were
often specialized for specific tasks, this Al is more general-purpose, highly versatile, and
can be used across various fields (Alavi et al., 2024). J. de la Torre-Lopez et al. (2023)
argue that the application of Al has proven effective in automating many tasks that are
time-consuming and repetitive, such as conducting literature reviews. Al can effectively
organize and categorize large amounts of structured and unstructured data, thus making
the search for needed knowledge more efficient and accurate. By using machine learning,
Al systems can continuously improve KM by adapting to changes in the organization’s
knowledge base and learning from new data. Natural language processing systems can
help discover knowledge by analyzing text documents, e-mails, and reports to extract
valuable insights. By incorporating Al into KM strategies, organizations can create more
flexible and adaptive knowledge ecosystems that respond more quickly and accurately to
their business needs. As Al automates repetitive daily tasks, organizational members will
need to learn to work with intelligent systems. Al literacy is essential so that all employees
interacting with Al systems can work effectively and develop their skills (Bersin & Zao-
Sanders, 2020). A systematic literature review identified how Al can be integrated into
KM practices and the results it can deliver to business organizations (Table 1).
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Table 1. Use of Al in KM processes

KM process | Use of Al Expected result
stage
Discovery e Transforming existing knowledge | Promoting creativity and innova-
into new knowledge tion, facilitating learning
o Generating ideas
o Forecasting and recommenda-
tions
o Content creation
Storage ¢ Optimization of the search pro- Easier access to the necessary know-
cess ledge, increased productivity, and a
e Classification and organization of | reduced risk of knowledge loss due to
knowledge employees leaving the organization or
o Systematization of knowledge changing roles
e Identification of related topics
Sharing ¢ Using Al-enabled collaboration Improved collaboration between or-
platforms ganizational teams. Overcoming time,
¢ Providing new employees with space, language, and social barriers
the necessary knowledge
¢ Natural language processing ca-
pabilities
Application | eHelp from virtual Al assistants More efficient decision-making,
e Best practice suggestions based faster response to questions or prob-
on data analysis lems, and more accurate and con-
e Providing the latest knowledge sistent application of knowledge for
the benefit of the organization

Source: Compiled by the authors based on M. Alavi et al., 2024; H. Benbya et al., 2023; P. Bhat-
tacharya et al., 2019; E. Brynjolfsson et al., 2023; T. Davenport, 2019; A. Esteva et al., 2021; S.

Feuerriegel et al., 2024; M. Jarrahi et al., 2023; A. Maedche et al., 2019; C. O’Dell & T. Daven-

port, 2019; J. Paschen et al., 2020.

The theoretical framework of the study combines the KM perspective with the pers-
pective of Al as an enabling and transformative technology. To further explain how Al can
contribute to the creation and transformation of organizational knowledge, the study also
draws on the SECI model (Nonaka & Takeuchi, 1995; Nonaka et al., 2000). The SECI
model provides a complementary theoretical lens for examining how tacit and explicit
knowledge is created, transformed, and combined through socialization, externalization,
combination, and internalization. In this study, the SECI model is used to interpret how
Al-supported activities may facilitate particular forms of knowledge conversion, while
the broader KM perspective provides a framework for examining Al applications across
knowledge creation, storage, retrieval, sharing, and application. Together, these perspecti-
ves enable a more comprehensive analysis of how Al integration reshapes organizational
KM processes.
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Research Methodology

The theoretical part states that KM processes are changing due to Al, and that traditional
models of knowledge creation, storage, sharing, and use are being transformed; therefore,
empirical research is required to determine how Al technologies affect these processes. The
aim of this study is to explore the potential applications of Al in knowledge management
processes within Lithuanian business organizations. To achieve the goal, the following
research questions were formulated:

Ql: What factors drive business organizations to integrate Al into KM processes?

Q2: How is Al applied in the processes of knowledge creation, storage, sharing, and
use in Lithuanian business organizations?

Q3: How does the interaction between humans and Al manifest itself in the organi-
zational context of KM?

Considering the relevance and novelty of the topic, the expert interview genre was
chosen to achieve the research objective, which will help obtain a deep, contextual, and
practical understanding of the phenomenon under study, as well as the existing experience
of applying Al tools to KM processes in Lithuanian business organizations. In the course
of the research, semi-structured expert interviews were conducted with Lithuanian Al
technology experts to assess the experience of Lithuanian business organizations and the
applicability of Al in KM.

The advantages of this interview method are that experts not only have special pro-
fessional or technical knowledge but are also familiar with organizational procedures
and their field of activity, and their status allows them to speak on behalf of a certain
professional field or organization, whereas the interviews themselves are attractive due
to the value of the information collected (Gaizauskaité & Valavi¢iené, 2016). The expert
interview method is suitable when specialized knowledge and contextual insights are
required to examine poorly understood or newly emerging research topics. An expert is a
person with specific insights and knowledge derived from their professional position and
experience (level of expertise) (Flick, 2014, p. 227). When selecting study participants, a
criterion-based approach was applied: individuals with deep, extensive, and knowledge-
based competencies in this field were invited to participate, enabling them to reasonably
assess the phenomena under study and provide insights grounded not only in theoretical
knowledge but also in practical experience. Experts who were known to work with and
be familiar with Al technologies were invited to participate in the study. 13 experts agreed
to participate in the study and were given codes (I1, 12, 13, 14, 15, 16, 17, I8, 19, 110, I11,
112, and I13). The study involved 13 experts, selected through purposive sampling based
on their professional experience in knowledge management, Al applications, and digital
transformation. The study participants represented different business organizations and
professional positions, including management, IT, knowledge management, and other
functions related to the application of digital technologies. The experts’ professional

15
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experience and practical exposure to Al and KM solutions enabled them to collect data
from different perspectives on the opportunities and challenges of integrating Al into
organizational KM processes. To ensure the participants’ confidentiality, their individual
characteristics and the names of their organizations are not included in the article.

The interview questionnaire was prepared based on the analysis of scientific literature
conducted (Table 1), incorporating theoretical information on the principles of Al and its
implementation in business organizations. The questionnaire consisted of 17 questions,
divided into 7 blocks. Questions began with the informants’ work experience, followed
by general questions about Al to prompt reflection on their experiences. Later on, a more
detailed approach to this topic was taken, asking questions about the use of Al in Al
processes: questions in the third block were about the use of Al for knowledge creation,
whereas questions in the fourth block concerned knowledge storage, while questions in
the fifth block dealt with knowledge sharing, questions in the sixth block were devoted to
the use of Al for knowledge application, and questions in the seventh block focused on the
interaction of Al and humans. The interview texts were transcribed, and content analysis
was performed with the objective to identify meaningful content units as inductive codes
and group them into subcategories and categories. The interview data were analyzed in
several stages. First, the transcripts were reviewed to identify significant statements and
recurring themes. These statements were then coded and grouped into subcategories and
broader categories based on their thematic relevance, research questions, and theoretical
assumptions. Finally, the relationships among the categories were interpreted, and the
findings were integrated into the study’s results and conclusions.

When conducting scientific research, special attention is paid to research ethics. All
participants were informed of the study’s purpose and procedures in advance. To ensure
their comfort, impartiality, and voluntary participation, all participants were informed
that the research data would be anonymized. The informant’s personal information is not
disclosed; instead, only summarized and anonymized data are provided. The principle
of confidentiality was observed by explaining to the participants how the information
obtained during the interview would be used and properly protected. The principles of
reliability and honesty were consistently observed throughout the study to ensure the
research quality and to uphold responsibility for the results.

Research Results

The importance of KM for business organizations. Almost all informants confirmed
that KM is indeed important for business organizations today. Three main reasons emerged
from the answers: rapidly changing circumstances, the need to capture all organizational
knowledge, and the creation of added value. The informants emphasized that it is important
for organizations to adapt to the rapidly changing business environment. Some experts
focused on KM as an opportunity to collect and systematize existing organizational know-
ledge. Data dispersion and a possible risk of knowledge loss if it is not properly managed
were mentioned as well. Several experts also highlighted the unspoken knowledge held

16
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in people’s minds (I5, I8, I11) and the need to document it. In the absence of KM, some
processes may stagnate, as there is no necessary access to important knowledge. Some
experts emphasized the usability of knowledge in business decisions (14), highlighted that
KM facilitates the creation and maintenance of added value in the organization’s activities
(I7), and noted that KM contributes to achieving the organization’s goals (I112). An interes-
ting aspect is not only the benefit from the current perspective, but also its sustainability
for the future. KM helps collect and preserve existing knowledge for the sake of using it
to inform certain business decisions that can help achieve goals and create value, which
is crucial in a changing environment.

According to the experts, business organizations’ decisions to adopt Al are driven by
interrelated factors: technological readiness, operational efficiency, problem-solving, and
competitive and strategic pressures. It is worth noting that technological advancements and
the visible benefits are encouraging organizations to pay increasing attention to integrating
Al into their operational processes. Experts mentioned several factors, the most common
of which are Al’s technological capabilities (11, 12, 14, 16, 18, 110, 113), speed (14, 17, 111),
and cost savings (12, 14, I7). The technological aspect primarily focuses on more efficient
(I1,12,113) and larger-scale (14, 110) data processing, enabling the organization to create
valuable knowledge. Some experts suggest that, before making a decision, an organization
should identify the problem it wants to solve with Al (I6, 110, I12). On the other hand,
some experts noted that business organizations often implement Al technologies simply
to keep up with the market trends (12, 13, 15, 112).

The findings suggest that Al adoption is not driven solely by perceived efficiency
gains or clearly identified organizational needs. Several experts pointed to competitive
pressure and fear of falling behind as important drivers, indicating an emerging FOMO
effect among managers. Al adoption may therefore be motivated not only by its actual
organizational value but also by the perception that competitors are already adopting
the technology. The interviews also revealed several contextual barriers to Al adoption
that may be particularly relevant to Lithuanian business organizations, including limited
access to specialized Al expertise, resource constraints, organizational risk aversion, and
uneven levels of digital maturity.

The applicability of Al to the creation of new knowledge in the organization.
The study highlighted various ways of using Al for knowledge creation. Some experts
mentioned generating new ideas (14, 15, 18, 112). Al supports brainstorming (I5, 18) and
speculative modeling, encouraging creative exploration and enabling organizations to
move from initial ideas to practical application, for example, when developing a business
plan (I12). Some experts highlighted AI’s ability to create contexts (12, I5), as well as
quickly transform abstract concepts (I8) into structured formats (I1) and generalizations
(17), thereby making this knowledge easier to utilize. Al can also identify relationships
across various data domains, enabling deeper insights previously inaccessible due to limi-
ted human capabilities (17, 110). Natural language processing capabilities help document
unspoken knowledge. Several experts (11, 12, I5, 17, I11) identified the analytical features
of Al specifically, the creation of insights that can inform business decisions (Table 3).
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Table 2. Use of Al for knowledge creation

Expert-identified dimension | Expert-identified uses of Al

Transforming and contextual- | Al transforms unstructured, abstract, or fragmented information
izing information into contextualized, clarified, and more usable forms of knowledge.

Identifying patterns and con- | Al identifies patterns, relationships, and conceptual connections
nections within large, diverse datasets, revealing connections that may not
be readily apparent to humans.

Al processes and interprets textual, verbal, and other forms of data

Interpreting and analyzin L .
P & yzing to generate analyses, insights, assessments, and recommendations

o .

information that support knowledge development.

Generating and combining Al supports the creation of new ideas and knowledge by combining

knowledge and new ideas existing knowledge with new information and stimulating ideation
and brainstorming.

Simulating and exploring Al enables the exploration and testing of possible scenarios, sup-

possibilities porting knowledge creation through experimentation and anticipa-

tion of potential outcomes.

Compiled by authors on aggregated expert responses.

When discussing the accuracy and relevance of Al-generated insights for a business
organization with the experts, two dominant categories of responses emerged: the need
for human supervision (I1, 12, 13, 19, 110, I11) and the need for model training (11, 12, I8,
110,111, 112). Human supervision is necessary not only for transparency (19) and ensuring
validity (I3, 113), but also because humans are characterized by their critical thinking (112),
which can be a crucial factor in certain situations. From a technological perspective, it is
crucial to properly prepare the model so that it utilizes high-quality data (I10), operates
transparently (I8), provides clear feedback (12), and is continually improved (I1). Less
frequently mentioned aspects are the use of another model for verification (12, I7) and
comparison with human insights (I1, 110). Finally, direct references to the sources from
which the information was taken can provide validity to the insights generated (I8, 112).
The findings suggest that Al contributes to knowledge creation by transforming and
contextualizing heterogeneous information, identifying previously hidden patterns and
connections, generating insights and recommendations, and facilitating the combination
of existing and new knowledge into novel ideas and solutions. Thus, summarizing all
the points listed above, ensuring the accuracy and relevance of Al-generated insights in
business organizations requires a combination of human oversight and advanced techno-
logical methodologies.

The applicability of AI to the storage of new knowledge in an organization. It was
emphasized that this technology can collect information from various sources (I5) and
systematically record it (12, I3). When Al generates concise summaries from large data-
sets, long documents, or transcribed meetings (12, 17, 19, 112), it plays a crucial role. By
categorizing (I4) and labeling (12, 113), Al identifies key information and organizes it into
structured formats (I1, I5, 111). Such transformation into organized tables or summaries
simplifies the accessibility and ease of use of the stored knowledge.
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Table 3. Use of Al for knowledge storage

Expert-identified dimension Expert-identified uses of AL

Organizing and structuring know- | Al helps organize and structure information into coherent and
ledge systematically recorded knowledge that can be more easily
stored and accessed.

Classifying and categorizing Al supports the classification, labeling, and categorization

knowledge of information, facilitating its organization and subsequent
retrieval.

Condensing and summarizing Al transforms larger volumes of information into concise sum-

knowledge maries, reducing information volume while preserving the key
content for future use.

Formatting and documenting Al converts, formats, and documents information in standard-

knowledge ized forms, while supporting its incorporation into organiza-

tional knowledge repositories.

Compiled by authors on aggregated expert responses.

The findings show that Al contributes to knowledge storage not merely by retaining
information, but also by transforming unstructured information into organized, classified,
summarized, and standardized forms that facilitate its subsequent retrieval and reuse.

The applicability of AI to knowledge retrieval. Stored knowledge needs to be
discoverable, and experts believe that Al can improve knowledge retrieval capabilities
through advanced search methods. One of the methods highlighted is semantic search,
which allows users to find information not only by keywords but also by context, thereby
improving the relevance of results and the search speed (IS, 17). Retrieval-Augmented
Generation search engines take it a step further, by integrating external data sources and
searching for specific document sections to accurately answer complex queries (11, 17,
110). Finally, chatbot systems utilizing GPT models offer an additional level of utility by
simultaneously accessing and extracting data from multiple sources, and directing users
to the precise documents that answer their queries (I3, 15, I11) (See Table 4). This can be
an interactive way to encourage greater employee engagement and learning:

“<...>we built a test where we simply brought all our internal docs into it in a simple way.” (13).

These innovations make Al an invaluable tool for accurate and efficient knowledge
retrieval.

Table 4. Use of Al for knowledge retrieval

Expert-identified dimension Expert-identified uses of Al

Semantic and context-based knowl- | Al enables users to retrieve knowledge based on meaning
edge retrieval and context rather than relying solely on exact keywords,
thus making the search process more intuitive and efficient.

Al-enhanced document and infor- Al facilitates the retrieval of relevant documents and supple-
mation retrieval mentary information and can connect users directly to the
sources needed for further exploration.
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Expert-identified dimension Expert-identified uses of AI
Conversational and interactive Al transforms knowledge retrieval into a more interactive,
knowledge retrieval conversational, and user-oriented process, enabling users to

formulate queries and explore information through dialogue.

Integrated and cross-source knowl- | Al enables the integration and synthesis of information from
edge retrieval multiple sources, supporting more comprehensive knowledge
retrieval.

Compiled by authors on aggregated expert responses.

Integration of Al systems into existing databases or knowledge repositories can pose
challenges. According to the experts’ responses, three main categories of challenges are
identified: infrastructure, data preparation, and usage procedures. The lack of a contextu-
alization infrastructure (I1) and the need for structural foundations such as security (110)
and compatibility (19) are key barriers. When it comes to data preparation, data are often
inconsistent, come from different sources and formats (I4), and archival records pose
unique digitization challenges (I110). According to 110, it is important to improve data
quality, and 16 complements this idea by stating that:

“<...>preparing data, cleaning the data, categorizing the data, and otherwise preparing the
data for artificial intelligence is 80 percent of the success.”

To ensure effective integration of Al systems, it is also necessary to strike a balance
between traditional processes and Al-based methods (I3) and to understand how data
should be stored and utilized (I4). The findings indicate that Al transforms knowledge
retrieval from conventional keyword-based searching towards semantic, contextual,
conversational, and cross-source retrieval, enabling users to locate and access relevant
knowledge more efficiently.

The applicability of AI to knowledge sharing in a business organization. Expert
assessments have revealed that Al in knowledge-sharing processes not only increases the
transfer and accessibility of information but also makes knowledge sharing more efficient,
creates a psychologically safer communication environment, improves the understandabi-
lity of knowledge, and strengthens organizational cooperation. Some experts note that Al
can enhance this process by providing better access to organizational knowledge, making
it available to all members of the organization (I1, 12, 16). Tools such as Al-based chatbots
enable employees to efficiently query knowledge bases and support collaboration across
teams. The potential of Al to combine knowledge from different disciplines and thereby
discover new opportunities for cooperation was also mentioned (12, I5). According to
other experts, Al can accelerate communication and cooperation within teams (I3, 17) and
even eliminate language barriers (I8). No less important is psychological safety, as Al
creates a medium for asking and sharing without feeling like “you are bothering someone’
or that ‘you are being insecure’ (I3, 15, I8). Collaboration is also greatly facilitated by
providing clarity:

20



Indré Stasitinaité, Daiva Siudikiené.
Integrating Artificial Intelligence into Knowledge Management: The Case of Lithuanian Business Organizations

“<...>that knowledge is systematized and presented to each employee in a language they
understand.” (13).

Communication becomes much simpler when knowledge can be conveyed in a way
that everyone understands (I5, 17, 111). Finally, a standard knowledge base enables better
knowledge discovery across team members (14, 19).

Two key themes emerged during the interviews: organizations should integrate Al into
the onboarding process and also focus on developing the employees’ digital maturity. Virtu-
al assistants or chatbots can be an effective aid in the hiring process, answering frequently
asked questions and providing an interactive, informative introduction to the workplace
(I3, 18, 112, I11). Some experts emphasized that, in order to master Al effectively, it is
crucial to enhance the employees’ digital literacy through training and adaptation plans (16,
19). Moreover, it is necessary to ensure that all employees understand the organization’s
workflow and the tools used (I110). In this way, a favorable and practical environment is
created that enables new employees to engage with Al-based knowledge systems.

Table 5. Use of Al for knowledge sharing

Expert-identified dimension Expert-identified uses of Al

Enhancing knowledge accessibility | Al expands access to organizational knowledge and fa-

and sharing cilitates knowledge sharing across employees, teams, and
stakeholders.

Improving the efficiency of knowl- | Al reduces the time required to locate, process, and com-

edge sharing municate knowledge, enabling more efficient use of organi-
zational resources.

Creating psychologically safer Al can reduce concerns about personal judgment and criti-

knowledge-sharing environments cism, creating safer conditions for individuals to ask ques-
tions, to seek assistance, and to share knowledge.

Improving knowledge clarity and Al helps structure, simplify, contextualize, and present

communication knowledge in ways that make it easier to understand and
communicate.

Integrating organizational knowl- Al supports the integration and centralization of organiza-

edge and strengthening collaboration | tional knowledge while facilitating connections and collabo-
ration across teams and professional domains.

Compiled by authors on aggregated expert responses.

The use of Al in the practical application of knowledge. The experts emphasized
that Al enables the application of knowledge by automating organizational activities and
decision-making, generating predictive, decision-oriented insights, providing personalized
assistance and mentoring, and translating organizational knowledge into practical business
solutions. Experts distinguish between helping make automated decisions (I1, 110) and
fully automating an organizational department (I7). In forecasting, Al uses models that
predict long-term trends by collecting data from various sources (I5) and considering
multiple variables (110).
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The experts have identified Al as an assistant or mentor (12, 13, 14, I8, 19, 112) and
emphasized its continuous operation (13). Such readily available assistance can facilitate
the learning process (19) and help to complete tasks faster (I8) and more accurately (14, I8).
The ability of Al to translate knowledge into business solutions is evident in its application
in customer service (I3). Additionally, its role in mediating between knowledge and end
users, as well as in driving business growth and efficiency (I3, 112), is highlighted. By
effectively integrating Al, organizations can ensure that knowledge is not only accessible
but is also applied to support decisions.

Table 6. Use of AI for knowledge application

Expert-identified dimension Expert-identified uses of Al

Automating knowledge application | Al enables the application of organizational knowledge by
and decision-making automating routine activities and processes, as well as se-
lected decision-making tasks.

Generating predictive and data- Al integrates and analyzes data to generate forecasts, iden-
driven insights tify patterns, and produce actionable insights that support
organizational decisions.

Providing intelligent assistance and | Al provides individualized assistance, guidance, learning,
personalized support and mentoring, helping employees apply knowledge to spe-
cific tasks and situations.

Translating knowledge into business | Al facilitates the practical application of organizational
solutions knowledge by translating it into business solutions and sup-
porting interactions with customers.

Compiled by authors on aggregated expert responses.

According to the experts, the effectiveness of Al technologies in business organizations
is primarily assessed by financial efficiency, time costs, employee satisfaction, and strategic
impact. From a financial perspective, the success of Al can be assessed by calculating the
costs (12, 14), return on investment (16, 113), contribution to profitability (I13), and revenue
growth (I1, 15, 17, 110). Some experts also mentioned efficiency (16, 112), which is ma-
nifested in a reduced task completion time (17), as artificial intelligence can significantly
speed up processes, for example, by reducing task completion time from several tens of
hours to several minutes (I4). The experts noted that Al-enabled risk management (I1) and
error reduction (I9) can also positively impact a business organization’s financial indicators.
At the strategic level, the impact of Al can be assessed by its compatibility with business
goals and its ability to inform long-term decisions (I1, I4). In addition, the non-financial
indicator mentioned by some experts — notably, employee satisfaction (I3, 19) — provides
valuable insights into the broader benefits of implementing Al for the organization. By
combining financial, time, satisfaction, and strategic indicators, organizations can com-
prehensively assess the impact of Al technologies on their business success.
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The role of humans in interpreting insights generated by Al. The experts’ res-
ponses revealed that the role of humans in interpreting and reviewing insights generated
by Al is significant and encompasses several different functions. The findings highlight
human oversight as a critical component of Al-enabled knowledge management. The
experts identified three interconnected human roles: a decision-maker and interpreter, a
validator and quality assurer, and a governor of Al use. Humans can act as the final deci-
sion-maker, by combining Al recommendations with their own critical judgment before
making important decisions (I1, IS5, 16). Some experts note that humans can perform the
function of an accuracy filter, by checking facts (I8) and repeatedly reviewing Al results.
It is essential to manage critically important issues:

“<...> only with human participation will we be able to largely protect ourselves from those
initial gaps, inaccuracies and possibly even catastrophic consequences.” (110).

Humans can also play a management role, by setting the boundaries for Al application
within the organization (I3, I6) and determining how to unify diverse employee perspecti-
ves so that to facilitate Al implementation (I2). These roles highlight the essential colla-
boration between humans and Al, by underscoring the importance of careful supervision
and integration (Table 8).

The experts’ responses revealed that the ethical issues related to Al use in organizational
KM are highly multifaceted. The experts emphasized the need to ensure transparency in
data use (11, 14), to comply with the General Data Protection Regulation (11, 17), and to
apply cybersecurity practices (110, 112, 113) so that to avoid potential data misuse (16).
Some experts distinguished bias (I1, 12, 110, I11) and possible discriminatory practices
(14, 16, 17, 18). Interestingly, 14 and 110 observed that this bias can arise from how a
person trains an Al model. Another important topic touched upon during the interviews
is environmental and social responsibility. The energy consumption and footprint of Al
systems raise ethical concerns regarding the technology’s environmental impact (12,
110). In terms of accountability, the lack of responsibility and transparency in decision-
making (I3, 14) poses significant challenges, as do the risks of plagiarism and intellectual
property misuse (I3). Finally, questions about the reliability of this tool arise from Al
hallucinations, where systems generate false or misleading information, necessitating
human oversight and quality control (I5, I7,111, I13). Al tools enable people to overcome
skill barriers, by allowing them to engage in new activities, such as creating works of art
or utilizing specialized knowledge without prior experience (16, 110), and the discovery
of new opportunities:

“<...>discovering new directions, angles, points of view, I think that is very positive.” (12).

By combining and generalizing knowledge more quickly (14, I7) and automating tasks
such as data analysis or coding, Al enables people to be more productive and find time
for creative activities (17, 111, 113). This also allows people to focus on value-added tasks
that promote emotional satisfaction (17, I5). Ultimately, Al serves as a catalyst, integrating
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productivity and imagination into modern work processes. This symbiosis emphasizes
that Al does not replace human creativity, but, rather, gives it new meaning.

The experts identified key dimensions of ethical challenges associated with Al use in
organizational knowledge management: data privacy, security, and regulatory compliance;
fairness and non-discrimination; environmental and social responsibility; accountability
and intellectual property; and the reliability and integrity of Al-generated knowledge. The
responses reveal that ethical concerns extend beyond the technical performance of Al and
encompass broader questions of how organizational knowledge is collected, processed,
shared, and used. In particular, concerns about data misuse, bias, discrimination, and
reliability highlight the potential risks to the quality, trustworthiness, and legitimacy of
Al-enabled knowledge processes, while concerns about accountability and intellectual pro-
perty emphasize the need to clearly define human responsibility for Al-supported activities
and outputs. The environmental and employment-related concerns further demonstrate
that the implications of Al use extend beyond individual organizations to wider social
and environmental contexts. Overall, the findings suggest that the effective integration
of Al into knowledge management requires not only technological capabilities but also
transparency, responsible data governance, human oversight, and clear organizational
standards for its responsible use.

Overall, the experts demonstrated a relatively high degree of agreement regarding the
potential of Al to support KM. However, differences emerged in their assessments of risks,
organizational readiness, and the conditions required for successful AI-KM integration.

Discussion and Conclusions

Knowledge is a valuable organizational resource, and it is important to manage it in order
to adapt to rapidly changing circumstances by collecting and effectively using what the
organization already knows and by discovering new value-creating perspectives. The study
confirms theoretical insights that a KM system integrates knowledge, people, processes,
and technology, while helping to ensure that knowledge resources are created and used
effectively, thereby increasing an organization’s competitive advantage (Khadivar et al.,
2025; Nveke & Adalusi, 2025; Taherdoost & Madanchian, 2023; Borges et al., 2021).
As in previous studies, the role of Al in the knowledge creation process is associated
with the identification of relationships and regularities (O’Dell & Davenport, 2019), na-
tural language processing and data structuring (Benbya et al., 2023), prediction through
the prism of analytics and recommendations (Jarrahi et al., 2023), and the generation of
new ideas (Alavi, 2024). In the context of knowledge storage, Al’s contributions to data
classification, organization, and document generation from data have been confirmed
(Paschen et al., 2020; Alavi et al., 2024), and empirical results further demonstrate its
ability to generate summaries. In the knowledge-sharing process, Al is significant in cre-
ating shared knowledge bases and ensuring access for all members of the organization,
thereby reducing knowledge fragmentation (Alavi et al., 2024), as well as in developing
Al-based learning opportunities for different employee groups (Benbya et al., 2023).
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Empirical research reveals new aspects, such as more efficient time allocation, greater
psychological safety, and clearer communication. In the context of knowledge application,
Al is associated with task automation (Brynjolfsson et al., 2023) and the use of real-time
Al assistants that can act as mentors or consultants (Davenport, 2019; Maedche et al.,
2019). The study extends existing understanding by demonstrating Al’s ability not only
to apply knowledge but also to translate predictions into business decisions, while empha-
sizing that critical human thinking remains a prerequisite for these processes (Bersin &
Zao-Sanders, 2020).

The study demonstrates that Al is embedded across the entire KM lifecycle, encom-
passing knowledge creation, storage, retrieval, sharing, and application. Across these
processes, Al performs different but interconnected functions: it transforms and generates
knowledge, structures and organizes information, enables semantic and contextual retrie-
val, facilitates knowledge accessibility and sharing, and supports the transformation of
knowledge into insights, decisions, and practical solutions. Thus, Al should not be viewed
as a tool supporting a single KM activity, but as a cross-cutting capability that reshapes
the KM process. The findings further indicate that AI’s contribution is determined by
the interaction between its technological capabilities and the specific requirements of
KM processes. Semantic processing, natural language processing, data analytics, pattern
recognition, generative capabilities, automation, and personalization enable a range of
knowledge-related activities. Consequently, the value of Al in KM emerges not from
the technological capability itself, but from how these capabilities are embedded in and
applied to knowledge processes.

Importantly, the findings highlight the continuing importance of human oversight.
Although Al can accelerate knowledge processing, identify patterns, generate insights,
support decision-making, and automate certain activities, human judgment remains neces-
sary to validate, interpret, contextualize, and responsibly apply Al-generated knowledge.
Human oversight, therefore, is the essential clause that shapes the quality and organizatio-
nal value of Al-enabled knowledge management. The findings suggest that Al-enabled
KM can be conceptualized as a human—Al interaction in which Al capabilities augment
knowledge processes while human judgment provides contextual interpretation, validation,
and responsibility. This interaction can contribute to organizational outcomes, including
greater efficiency, improved decision-making, enhanced knowledge accessibility, stronger
collaboration, innovation, and organizational learning and adaptability. This perspective
extends the understanding of Al in KM from a technological support tool towards an
organizational capability that transforms the ways how knowledge is created, organized,
accessed, shared, and applied.

The study also highlights significant challenges in applying Al to KM. Among the most
important of these, experts identify insufficient technical and Al-use competencies among
employees, data quality problems, information privacy and security risks, algorithmic
bias, and issues of transparency and trust in Al results. This allows us to state that the
integration of Al into KM is not only a technological but also an organizational change that
requires appropriate competencies, management rules, and accountability mechanisms.
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The results show that Al can create the prerequisites for transforming employee activities
by automating routine tasks and providing more opportunities to focus on more complex,
creative, and higher-value activities. However, it depends on how organizations define the
role of Al, allocate responsibility between their employees and the technology applied,
and ensure human assessment and control over Al-generated results.

From a practical point of view, the study shows that, for Lithuanian business organi-
zations implementing Al into KM, it is appropriate to first assess existing KM processes,
data quality, and technological infrastructure, employee competencies, and organizational
readiness. The implementation of Al should focus not only on automating individual tasks
but also on solving clearly defined KM problems. At the same time, it is necessary to
establish the principles of data use, verification of Al-generated results, privacy, security,
and accountability. The findings suggest that business organizations should prioritize Al
applications that would strengthen the already existing knowledge conversion processes.
For example, Al can support externalization by transforming the employees’ experiential
knowledge into documented procedures, combination by integrating dispersed organizatio-
nal information, and internalization by providing personalized access to organizational
knowledge. However, socialization should not be reduced to Al-mediated interaction,
as tacit knowledge remains strongly dependent on human experience and interpersonal
exchange.
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